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OA|WARE

Platform engineering is the discipline of designing and buildinc

toolchains and workflows that enable self-service capabilities for

software engineering organizations in the cloud-native era.
Platform engineers provide an integrated product most often
referred to as an “Internal Developer Platform” covering the

operational necessities of the entire lifecycle of an application.

https://platformengineering.org/blog/what-is-platform-engineering




A platform consists of different conceptual components. g
Depending on the stakeholders and their use cases.
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IDE Service Catalog / API Catalog Developer Portal

Developer Application Source Code Infrastructure & Platform Source Code
Control Plane

Cl Pipeline Platform Orchestrator CD Pipeline Resource Plane

Compute

Integration and
Delivery Plane

Data

Observability
Monitoring and Integration
Logging Plane

Secrets & Identity Manager Certificates & Encryption

Security Plane

https://humanitec.com/reference-architectures






"According to Gartner, 80% of PoCs fail on

their way into productive use. "

https://www.qaware.de/ki-vom-proof-of-concept-poc-zur-entwicklung/




The 80% Fallacy of Al projects. m
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Tuning ‘routing’ and ‘retrieval’ felt more A
; : R Time
natural given their classification nature: we
built dev sets and fitted them with prompt
engineering and in-house models. Now,
generation, that was a different story. It
followed the 80/20 rule; getting it 80% was - Q

fast, but that last 20% took most of our work. Thic will be /b

When the expectation from your product is ea.;Y!
that 99%+ of your answers should be great,
even using the most advanced models
available still requires a lot of work and
creativity to gain every 1%.

-
Progr'ess

Juan Pablo Bottaro, LinkedIn Engineering Blog
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http://link.mail.beehiiv.com/ss/c/u001.jdP7wX2bgZrOaHY2lVQcvuDbdlJs85xTIwJbvnmzbbs3jBWLFCfysXhUVviXMQwq_AphoDOnxMtBYSGsyeZ3ImMqqRwSapYOZXBYBsf0G87R3ExbPYBl_XdyiEVIJZoVzh9otTVBxMd-U_cQvC9VmgVMjBUwMr9OgzDXU5FAcxumx_jEmOW-aMIHa2nEBFEs5B5hCjkVnG4swkG2hmUc_YoeiYAcPjP6jmbCV8voeecOMhQ1Xdy1r7gWDdheUERWAzfvFBoNR7Cder8h6-6FwQ/468/ZKW00MO1RY23OakRp6l9HA/h5/h001._aOxDMKcSHzIn-0lhisoNGu9uBJJFnM3PPoYknOr4Ow

Key challenges: technology, models and tools, scaling. m
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Respondents at All other
Al high performers? respondents
Other 1 2
Strategy | = Different challenges are seen depending on the
24 .
Data maturity of the group
Technology 13 = Al newcomers often underestimate the complexity
of technologies, models and tools
Adoption and scaling 19

8 100% = Production and scaling challenges often hinder

production readiness

Talent

= High cognitive load and lack of expertise are also

drivers for failing projects

Models and tools

Source: https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai-in-2023-generative-ais-breakout-year 8



Benefit

Chatbots and Al assistants:

The more specific the use case, the more complex it becomes.

= Easy to realise and relatively
cost-efficient
= Requires data protection and

compliance guidelines

ChatGPT or comparable

with world knowhow

Retrieval Augment Generation
Transfer Learning

ChatGPT with organisational

context knowledge

Specially trained model
Hyper Automation

Specialized

Al Assistent

-

QAware

Complexity

OA|WARE

%



Al Plaform Architecture — OUR ROPOSAL s
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Service Plane

User Serving
Plane

Access Plane /
APls

Orchestration
Plane

Data Modelling g

Plane

Integration & Delivery Plane Platform Plane

Compliance Plane

Operability

Observability Compute
Data Plane Model Plane
Security Data
Delivery
Quality Plane
FinOps Integration
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reimer/k8s-native-ai-platform
reimer/k3s-ai-platform




The Kubernetes cluster topology requires precise planning. E
Otherwise the costs will go through the roof!
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create-gke-cluster:
@gcloud container clusters create k8s—-native-java-ai \

m There are different GPU machines
——release-channel=regular \

= Notalltypes are available in all regions ——cluster-version=1.30 \
——region=$(GCP_REGION) \
= Prices vary drastically, accurate research is ——addons HttpLoadBalancing,HorizontalPodAutoscaling \
recommended ——workload-pool=$(GCP_PROJECT).svc.id.goog \

——num-nodes=1 \
m Additional local SSDs are recommended ——min-nodes=1 —-max-nodes=5 \

. ——enable-autoscaling \
= To be deCIded° ——autoscaling-profile=optimize-utilization \

- all nodes with GPU ——enable-vertical-pod—-autoscaling \
——machine-type=nl-standard-8 \
- different nodes optimised for normal as ——accelerator type=nvidia-tesla-t4,count=1 \

——local-ssd-count=1 \
—-10gging=SYSTEM \
——monitoring=SYSTEM

well as GPU workloads

https://cloud.google.com/compute/gpus-pricing?hl=de#other-gpu-models
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Linux Foundation Al & Data Landscape
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SOFTWARE ENGINEERING

Thank you!
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